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Abstract: How to effectively carry out the biomedical literature search and information mining is a classic topic
in the field of computer technology and biological information technology research.This study constructed an
efficient retrieval and question answering system refer to the related problem of natural language problems in
biological medical literature documents,including snippets, concepts and RDF triplets.In particular, this research
built a general search model based on Sequential Dependence Model, WordEmbedding and Pseudo Relevance
Feedbackin the documents retrieval. Moreover, the former K documents were separated into sentences and
snippets to establish the indexand complete the snippets search based on the documents retrieval model. In
concepts mining, this study extracted biomedical concepts from the concepts, listed the related concepts belong
to the web service of five URLs, and obtained the final concepts through the score rank. The results indicated that

the retrieval systemof this study has achieved good performance based on the test data from CLEF BioASQ.

Keywords: Biomedical literature retrieval, sequential dependence model, word embedding, pseudo relevance

feedback,learning-to-rank
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