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Abstract: In the era of Big Data, traditional data processing have been unable to meet demand with the explosive
growth of data scale. The abstract data structure “graph” is well -suited to model the association of data. Many
application scenes of real world can be represented by graph structure. This paper surveys the key issues of graph data
processing from the aspects of graph management and graph data processing mechanisms; summarizes the state of
current research works completely; analyzes the exiting challenge problems; and deeply explores the research directions

in future.
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